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> idx <- sample( x= c("train", "test"), ) ., . ,
+ size=nrow(Boston), > dshousing <- read.csv("c;/data/Housing.csv")
+ replace=TRUE, prob=c(0.8,0.2)) > nrow_end <- nrow(dshousing) * 0.8
> ds_train <- Boston[idx=="train"] > ds_train <- dshousing[c(1:nrow_end),]
> ds_test <- Boston[idx=="test",]
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. . . . > median_train <-median(ds_train$total_bedrooms,
> median_train <- medlan(ds_tra|n$tax) + narm = TRUE)
> org_sd <- sd(ds_train$tax) > org_sd <- sd(ds_train$total_bedrooms, na.rm = TRUE)
> ds_train$tax[is.na(ds_train$tax)] <- median_train : crzliét(;iéaé::ﬁi’(t;tiil_bedroomshs.na(ds_traln$tota|_bedrooms)] <
> trans_sd <- sd(ds_traintax) > trans_sd <- sd(ds_train$total_bedrooms)
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. dt_airquality <- airquality[c(1: nrow(airquality*0.9) )] dt_airquality <- airquality[c(1: (nrow(airquality)*0.9) ),]
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filter(df fifa_point >= 1765.05) filter(total_points >= 1765.05)
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confusionMatrix(y_v$Churn, predict_svm) confusionMatrix(predict_svm, y_v$Churn)
) Reference ) Reference
ROt 2184 Predicion  No  Yes Predicion  No  Yes
1119 1espdex | No 758 68 No 757 69
(1. T Yes 145 154 Yes 161 138
Accuracy : 08107 Accuracy : 0.7956
95% Cl : (0.7865, 0.8332) 95% Cl : (0.7708, 0.8188)
No Information Rate : 0.8027 No Information Rate : 0.816
P-Value [Acc > NIR] : 0.2636 P-Value [Acc > NIR] : 0.9633
Kappa : 04715 Kappa : 04191
Xop 2.186 ot B md_step <- Im(mpg ~ drat + gear + carb, d_train) md_step <- Im(mpg ~ drat + wt + gear + carb, d_train)
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rmse <- sgrt(mean(d_train$mpg - pred)”2)

rmse<-sgrt(mean( (d_test$mpg - pred)*2) )
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S 3-14 12t i iris_sample70<-iris[c(1:nrow(iris)*0.7),] iris_sample70<-iris[c(1: (nrow(iris)*0.7) ),]
ZRBI314MD) | o0 =t | 0.6648607 0.6632932
RRBI3I4119 | 130 & | 17 28
118 &2t | 15.96071 16.05213
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sd_age <- Carseats %>%

outlier_upper <- mean(Carseats$Sales) + 1.5*sd(Carseats$Sales)
outlier_lower <- mean(Carseats$Sales) - 1.5*sd(Carseats$Sales)

118 ot filter(Sales <= 539 & Sales >= 932 ) %>% sd_age <- Carseats %>%
filter(Sales <= outlier_upper & Sales >= outlier_lower ) %>%
o1& 3.19 14 Sy | Accuracy : 06133 Accuracy : 0.6
145 ®EE | write.csv(pred md, ~ write.csv(pred_loan, ~
A 3-20 | 1qeH e | 5468845 4367211
alcgp 0-9g/day 10-19 20-29 30+ alcgp 0-9g/day 10-19 20-29 30+
0—398/day 270 94 47 33 0—398/day 261 84 42 28
xHoI 301 40-7 213 102 77 38 40-7 179 85 62 29
gUER=ICH 11t sy 80-119 80 68 22 19 80-119 61 49 16 12
(1119 = 120+ 40 30 19 23 120+ 24 18 12 13
X-squared X-squared
54.68845 4367211
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